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Introduction

Speech perception in noisy environments with
multiple talkers Is a challenging task for listeners
with hearing loss and for normal-hearing listeners.

Speech enhancement based on deep learning
has shown great potential to improve speech
intelligibility in the presence of background noise.

Realistic acoustic scenes are inherently dynamic,
with alternations and overlap between speakers
that vary both in level and in timing.

Aim: Restore ability of a listener to understand
a target speaker and ignore others in realistic noise.

Approach: Real-time Target Speaker Extraction
Extract the voice of a target speaker from a mixture,
given a recorded utterance of the target speaker.
Evaluate the intelligibility of the target speaker.
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Deep Learning Model

* Deep Neural Network: 11.8M parameters

» Real-time processing: Quasi-causal (b ms)

Speaker-Informed Dual-Path Recurrent Neural Network
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Group with Normal Hearing (N = 18)
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+10.1 dB ASI-SDR in noisy multi-talker conditions

A single algorithm that generalizes to different

speakers, noises, and number of speakers.

Significant speech intelligibility improvements of

17% for people with normal hearing and

31% for people with hearing loss.
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